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Two steps that makes the model abide with geophysical constraints:
e |terative Refinements with explicit warping achieves sub-pixel accuracy
o Robustness to very small displacements
o Recovers secondary faults
e A-posteriori regularization achieves smooth regions away from the fault while keeping sharp

faults
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Need for subpixel accuracy both is the very small displacement ool e e e taui
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How to manage limited ground truth
data? Results
Leveraging a semi-synthetic dataset for Semi-synthetic benchmark
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